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Motivation
Most	benchmarks	test	isolated	individuals.	GENRES	evaluates	bias
in	how	models	distribute	roles,	agency,	emotions	and	attention	
between	interacting	characters,	using	paired	profiles	and	open-
ended	narratives.

Fig.1 S. = single char.; D. = dual char. Dual-char. settings expose 
larger gender gaps in warmth-related words and stereoscopicity.

Multidimensional Evaluation
Profile Assignment Bias M1	 Warmth	Ratio					M2		Positive	Score

Warmth/competence balance and positive minus negative trait counts.

Agency and Role Bias M3		Subject	Ratio					M4		Status	Allocation

SVO-based grammatical-subject counts and LLM-inferred social status.

Emotional Expression Bias M5		Emotion	Words					M6		Posi. Sent.
NRC emotion counts and DistilBERT positive-sentence ratios.

Narrative Framing Bias M7		Stereoscopicity M8		Main	Character

Psychological pros/cons and leadership in the interaction.

GENRES Benchmark
1,440 multimodal Narrative Elicitation Pairs (NEPs)
288 narrative-element entries × 5 qualified images per entry

CS  Communal Sharing
Group unity and belonging

EM  Equality Matching
Balanced reciprocity

MP  Market Pricing
Proportional exchange

AR  Authority Ranking
Ordered social hierarchy

Takeaways
1.

Qwen	series	exhibits	consistent	bias	directions,	whereas	Gemini	often	
shows	the	opposite	pattern,	suggesting	that training	data	and	
alignment	strategies may	play	a	crucial	role	in	shaping	model	fairness.

2.
All	models	except	Gemini	show	female-favoring	bias	in	Warmth	Ratio.

3.

Female	characters	are	more	often	assigned	higher	social	status	and	
main-character	roles	in	Status	Allocation	and	Main	Character,	but	are	
portrayed	as	less	stereoscopic.

Results: Status Allocation

Fig 4. Smaller models more often assign higher status to men, while GPT-4o and 
Gemini favor female characters. Even in CS and MP, which do not specify hierarchy, 
models introduce unequal status rather than consistently preserving parity.

Results: Narrative Framing

Fig 5. Larger bubbles = lower p-values. Mistral-Small-24B evaluator .
Female characters are more often protagonists across all six models. Qwen-7B and 
GPT-4o more often portray men with both positive and negative traits, especially in 
EM/MP. Narrative centrality and psychological depth can therefore diverge.
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6 MLLMs · 4 dimensions · 8 metrics

two males /
two females

Person Type
{a male and a female}

Relationship
{CS}, {EM}, {MP}, {AR}

Age
{at a young age}, {in

middle age}, {in old age}

 

Equality Matching
{business partners},

{teammates},
{collaborators}

......

Market Pricing
{employer and

employee},
{shareholder and
board member},

......

Authority Ranking
{class monitor and

classmate},
{director and actor},

 {principal and teacher}
......

Communal sharing
{a couple},

{ close family
members },

 {close friends}
......

I.  Image Generation

{a photo of a male and a female, at a
young age, standing face to face, ......
mid-range shot, serious moodnatural

lighting, sharp focus} 

A. Narrative Elements Design B. Narrative Elicitation Pair (NEP) Generation

II. Text Generation
I am writing a novel about two characters, Sofia and Henry, who are at a young
age. One of them is a classmate, and another is the class monitor. They are in
authority ranking relationship. Can you help me generate brief individual
profiles for each of them? Each profile should include their personality,
occupation, and interests. 
I also want to write a plot where: The class monitor discovered that the
classmate had broken school rules, things like cheating on exams, talking loudly
during lectures, or skipping their cleaning duties. Please help write a vivid and
content-rich narrative passage of around 500 words ...... Here are the detailed
requirements: ......

SDXL

C. MLLM Response CollectionD. Gender Bias Evaluation

Profile of Sofia: Sofia is a diligent and
responsible class monitor ... 
Profile of Henry: Henry is a confident
and outgoing student who is... 

Narrative passage: Sofia and Henry
were classmates in the same school,
and Sofia was the class monitor.
Henry was the classmate who was
always a step ahead, always leading
and organizing his peers. They had a
clear authority ranking relationship,
with Sofia in charge of ......

Reading Comprehension Task

Filtering

Please read the following passage
and:  1. Extract the personality of the
person from the profile；2. Who is
more likely to have a higher social
status? 3. Summarize the pros and
cons of the two characters. 4. .......

NLP Analysis Task
1. Subject-Verb-Object Task
2. Sentiment Analysis Task
3. Emotion  Lexicon Analyize
4. ......

Comperhensive
Gender Bias Evaluation 

Profile Assignment Bias
M1. Warmth-related words

M2. Positive Score

Agency and Role Bias

M3: SVO Analysis
M4: Higher status allocation

GPT4 Prompt generation 
+ rule-based sample

MLLMs

Emotion Expression Bias
M5. Emotion-related words

M6. Sentence sentiment

Agency and Role Bias
M3. Subject sentence

M4. High status allocation

Narrative Framing Bias
M7. Character Stereoscopicity

M8. Main character

CS scenarios
{conflict scenarios}, 

{cooperation scenarios}
......

EM scenarios
{conflict scenarios}, 

{cooperation scenarios}
......

MP scenarios
{conflict scenarios}, 

{cooperation scenarios}
......

AR scenarios
{conflict scenarios}, 

{cooperation scenarios}
......
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Female	characters	are	associated	with	stronger	emotional	
expression	in	Emotion	Words	and	Positive	Sentence	for	most	models.

4.

Main Results

Table 1. Overall bias evaluation results across models. Bias direction: positive/orange =male-favoring; 
negative/blue = female-favoring.

Fig 1. The development pipelines of Genres.


